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INTRODUCTION TO THE FEMINIST
ETHICS Al TOOLKIT

As the creation and use of Artificial Intelligence (Al) becomes
increasingly prevalent daily, ensuring that these technologies are ethical
and equitable is more critical than ever. However, many emerging Al
developers face significant challenges in identifying and addressing
biases and ethical shortcomings in their systems. Without robust
guidelines and tools, there is a risk that Al technologies could perpetuate
harm, reinforce biases, or exacerbate existing inequalities. Some of the
ways Al does this is by:

- Bias and discrimination in decision-making;

- Privacy invasion and data misuse;

- Job displacement and unemployment;

- Deepfake creation and misinformation;

- Surveillance and erosion of personal freedoms;
- Autonomous weapon development;

- Market monopolies and inequality;

- Manipulation of elections and public opinion

- Lack of accountability for Al decisions;

- Environmental impact due to high energy use.

The Feminist Gender Equity Al Toolkit is explicitly designed to address
these challenges and guide developers in creating Al systems that are
not only technically proficient but also ethically sound. This toolkit
provides a comprehensive framework for assessing the ethical
implications of Al technologies, ensuring that they adhere to feminist
principles and promote gender equity.



KEY FEATURES

¢ Ethical Assessment Guidelines: Detailed criteria and benchmarks for
evaluating the ethical dimensions of Al systems, including fairness,
transparency, and accountability. The toolkit helps developers identify
potential biases and assess the impact of their Al systems on different
genders and marginalized groups.

* Bias Detection and Mitigation Tools: Practical tools and methodologies for
detecting and mitigating gender and intersectional biases in Al algorithms
and datasets. These resources are designed to help developers create

more inclusive and equitable Al systems.

e Inclusivity and Design Practices: Best practices for incorporating diversity
and inclusion principles into Al design. The toolkit offers guidance on user
research, accessibility, and the involvement of diverse stakeholders to
ensure that Al technologies serve all users fairly and effectively.

e Ethical Impact Measurement: Methods for measuring the ethical impact of
Al systems, including guidelines for ongoing monitoring and evaluation. This
ensures that Al technologies continue to meet ethical standards and adapt

to emerging concerns.

e Case Studies and Examples: Real-world examples of ethical challenges
and successful implementations of feminist principles in Al development.
These case studies provide valuable insights and practical lessons for

emerging developers.

By providing these resources, the Feminist Ethical Al Toolkit aims to equip Al
developers with the knowledge and tools necessary to create technologies that
are not only innovative but also ethical and inclusive. This toolkit is crucial for
ensuring that Al systems are developed with a commitment to gender equity
and are designed to avoid harming innocent people. In-a rapidly evolving
technological landscape, this toolkit serves as a vital resource for fostering
responsible Al development and promoting a more just and equitable future.
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AI MACHINE ETHICS
ASSESSMENT

INSTRUCTIONS: COMPLETE EACH SECTION OF THE TEST,
TALLY YOUR SCORES, AND USE THE FINAL SCORE TO
DETERMINE THE ASSESSMENT RESULTS.

FOR EACH QUESTION, SCORE THE ANSWERS AS FOLLOWS:

IN PROGRESS =2 POINTS

NO =1POINT
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1.1 Data Diversity
Have you conducted a comprehensive analysis of the diversity within the datasets used to
train your Al system, including considerations of demographic, geographical, and
contextual diversity?

e Yes, fully analyzed and documented (3)

* Analysis in progress (2)

* No analysis conducted (1)

1.2 Bias Mitigation
Have you implemented and validated strategies to identify, mitigate, and continuously
monitor biases in your Al algorithms, including testing for potential biases across different
stages of development?

* Yes, with ongoing validation (3)

* In progress (2)

e No (1)

1.3 Fairness Audits
Do you regularly conduct fairness audits, including quantitative and qualitative
assessments, to evaluate the impact of your Al system on different demographic groups,
and how frequently are these audits performed?

* Yes, regularly (e.g., quarterly) (3)

* Yes, but not regularly (e.g., annually) (2)

e No audits conducted (1)

1.4 Equal Representation
Is your Al system actively designed and tested to ensure equitable consideration and
representation of all relevant demographic groups, including marginalized and
underrepresented communities?

* Yes, with explicit mechanisms for fairness (3)

 Design in progress (1)

* No specific design for equal representation (0)



2.1 Explainability

Can users understand how decisions are made by your Al system?
* Yes (3)
* In Progress (2)
e No (1)

2.2 Documentation
Have you documented the decision-making processes, data
sources, and algorithms used in your Al system?

* Yes (3)

* In Progress (2)

e No (1)

2.3 Accountability Measures

Are there mechanisms in place to hold developers and
organizations accountable for any negative consequences
resulting from your Al system?

e Yes (3)

* In Progress (2)

e No (1)

2.4 Error Reporting
Do you provide users with an easy way to report errors or issues
with your Al system?

e Yes (3)

* In Progress (2)

e No (1)

Total Score for Transparency and Accountability:



3.1 Usability Testing
Have you conducted usability testing with diverse user groups,
including individuals living with disabilities?

e Yes (3)

* In Progress (2)

» No (1)

3.2 Assistive Technology Compatibility
Is your Al system compatible with assistive technologies, such as
screen readers or voice recognition tools?

e Yes (3)

* In Progress (2)

» No (1)

3.3 Design for Accessibility
Have you implemented design features that enhance accessibility,
such as adjustable font sizes, high-contrast modes, or alternative
input methods?

e Yes (3)

* In Progress (2)

» No (1)

3.4 Continuous Improvement
Do you continuously gather feedback from users about
accessibility issues and make necessary improvements?

e Yes (3)

* In Progress (2)

e No (1)

Total Score for Accessibility and Inclusivity:



4.1 Gender Bias Evaluation
Have you assessed your Al system for gender bias in its outputs
and decision-making processes?

e Yes (3)

* In Progress (2)

» No ()

4.2 Racial Bias Evaluation
Have you evaluated your Al system for racial bias, particularly in
how it affects different racial or ethnic groups?

e Yes (3)

* In Progress (2)

e No (1)

4.3 Intersectional Analysis
Do you perform intersectional analyses to understand how
different biases (e.g., gender and race) interact and impact the
Al system's performance?

e Yes (3)

* In Progress (2)

e No (1)

4.4 Bias Correction Measures
Have you implemented measures to correct identified gender and
racial biases in your Al system?

e Yes (3)

* In Progress (2)

» No ()

Total Score for Gender and Racial Bias: /12



S.1 Harm Prevention
Have you assessed potential harm that could be caused by your Al
system and taken steps to prevent it?

e Yes (3)

* In Progress (2)

» No (1)

5.2 User Consent
Do you obtain informed consent from users regarding how their
data will be used by your Al system?

e Yes (3)

* In Progress (2)

e No (1)

5.3 Impact Assessment
Do you conduct regular impact assessments to evaluate how your
Al system affects individuals and communities?

e Yes (3)

* In Progress (2)

» No (1)

5.4 Continuous Ethical Review
Is there a process for ongoing ethical review and reassessment of
your Al system?

e Yes (3)

* In Progress (2)

e No (1)

Total Score for Ethical Implications:



6.1 Risk Assessment

Have you assessed the potential risks of your Al system contributing to or
exacerbating incidents of sexual and gender-based violence (SGBV)?

e Yes (3)

* In Progress (2)

e No (1)

6.2 Protective Measures
Have you implemented measures to prevent your Al system from being used in ways
that could facilitate or perpetuate SGBV?

e Yes (3)

* In Progress (2)

e No ()

6.3 Impact on Vulnerable Groups
Do you evaluate how your Al system impacts vulnerable groups, particularly women
and marginalized communities, to ensure it does not inadvertently cause harm?

e Yes|(3)

* In Progress (2)

e No (1)

6.4 Reporting Mechanisms
Does your Al system include mechanisms for users to report concerns related to
SGBV or misuse of the system?

e Yes(3)

* In Progress (2)

e No (1)

6.5 Transparency in Use
Are there clear guidelines and transparency about how your Al system is used,
including its potential implications for SGBV?

e Yes|(3)

* In Progress (2)

e No ()

Total Score for Danger and SGBV:
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Your Al machine/system has achieved an impressive score of 83% to 100%, which
reflectes a strong adherence to ethical and gender principles. This score highlights
your commitment to fairness, transparency, intersectionality, accessibility, and harm
prevention. To maintain and further enhance these standards, continue to regularly
evaluate and refine your practices, ensure that ethical considerations remain a core
part of your system's development and deployment.

Your Al machine /system scores between 62% and 82%, which indicates that it meets a
good ethical standard. However, there are still areas for improvement. To raise your
ethical performance, focus on addressing the specific gaps identified in the
assessment. This could include enhancing transparency, mitigating biases, improving
data privacy, ensuring accountability mechanisms, and strengthening fairness in
decision-making. By concentrating on these areas, your Al system can make a greater
ethical impact, ultimately providing more equitable, reliable, and responsible
outcomes.

Your Al machine/system has an ethical score of 41% to 61%; while it meets some ethical
criteria, it still requires significant improvements. Prioritize addressing the gaps and

weaknesses identified to ensure your Al system aligns with ethical guidelines, to prevent

your Al system from discrimanting against users or being used to cause harm.

Your Al machine/system has an ethical score below 40%, proving that it falls short in
multiple ethical areas. Inmediate action needs to be taken to address critical issues
related to fairness, intersectionality, transparency, accessibility, and harm prevention.
Reevaluate your practices and make necessary adjustments to comply with ethical
standards, to prevent your Al system from discrimanting against users or being used to
cause harm.




UNDERSTANDING GENDER BIAS IN Al

Artificial Intelligence (Al) has the potential to revolutionize various aspects of our
world and improve our daily lives, yet its development is often accompggnied by
critical challenges, particularly regarding biases related to safety, race, disability,
and gender. Research shows that the algorithms driving Al systems are not
inherently neutral and do not represent the different diversities of the world. Al
systems are shaped by the data trained on by the decisions made by their
developers. As the poet Amiri Baraka once wrote, "Machines have the morality of
their inventors," and if existing Al systems created to act and think like humans
have the ethics of a flawed society, these systems are likely to perpetuate and
even exacerbate existing societal inequalities, reinforcing and worsening harmful
biases rather than mitigating them.

Gender Bias in Al
Al systems often perpetuate gender bias, reflecting a broader issue within
technology and society. Gender bias in Al can manifest at multiple stages,
including data collection, algorithm design, and decision-making processes.
Research shows that Al systems, whether in natural language processing or
computer vision, frequently exhibit gender biases that disadvantage women and
non-binary individuals. For instance, studies reveal that machine translation tools,
such as Google Translate, exhibit male defaults. This means that these tools are
more likely to default to male pronouns when translating professions or roles into
gendered languages. Research by Marcelo O. R. Prates, Pedro H. Avelar, and Luis
C. Lamb indicates that male pronouns are disproportionately used in contexts like
STEM (Science, Technology, Engineering, and Mathematics) fields, while female
pronouns are associated with roles and adjectives perceived as feminine. This
gender imbalance in translation can reinforce stereotypes and limit the
representation of women in various professional fields.




RACIAL BIAS IN Al

Al technologies also reflect racial biases, particularly affecting Black and
African individuals. For instance, facial recognition systems have been
found to have higher error rates for Black individuals compared to White
individuals, contributing to issues of racial injustice and discrimination.
This problem is compounded by a lack of diversity in the data used to
train these systems and in the teams developing them. If Al aims to
advance how systems and society work, systems need to be designed to
factually represent all the races and groups of people in society.

Similarly, Joy Buolamwini's research highlights gender bias in facial
recognition technologies. Studies by Buolamwini and Timnit Gebru found
that these systems had higher error rates for women and individuals with
darker skin tones. The research demonstrated that facial recognition tools
often misclassify darker-skinned women at much higher rates than lighter-
skinned men, reflecting both a lack of diversity in training data and
underlying algorithmic biases. This disparity not only undermines the
accuracy of Al systems but also raises serious concerns about the
potential for harmful consequences in critical applications such as law
enforcement.




ACCESSIBILITY BIAS IN Al

Al systems often fail to adequately consider the needs of people living with
disabilities. The design and implementation of Al technologies frequently overlook
accessibility, leading to tools that are not usable or beneficial for individuals with
diverse needs. For example, Al systems that rely heavily on visual or auditory inputs
may exclude individuals who have visual or hearing impairments, respectively.
People living with disabilities are more likely to be the benefactors of Al, but the lack
of inclusive design practices in Al development means that these technologies
created will not fully reflect society's diversity and may inadvertently reinforce

existing inequalities.

ADDRESSING THE GAPS

TOWARDS INCLUSIVE AND ETHICAL Al

To address these issues, it is essential to integrate inclusive design practices and

ethical considerations into Al development. This involves several key actions:

e Diversify Data and Development Teams: Ensuring that Al training data and
development teams are diverse can help reduce biases. This includes including
more voices and perspectives from marginalized communities in both data

collection, algorithm design and decision making positions.



e Implement Inclusive Design Principles: Al systems should be created to be
accessible to different kinds of groups, particularly people living with
disabilities to ensure that technologies are usable by a broad range of
individuals.

e Promote Transparency and Accountability: It is imperative that developers
are transparent about the limitations and potential biases in their Al systems.
By openly acknowledging these issues, stakeholders and users can better
understand the risks and impacts of the technology. Establishing robust
accountability mechanisms is essential to addressing and mitigating biases,
ensuring Al systems are regularly evaluated, and promoting continuous
improvement. This approach fosters trust and encourages responsible Al
development.

e Foster Ongoing Research and Dialogue: Continuous research into Al biases
and ethical practices is crucial. Engaging with diverse stakeholders and
incorporating their feedback can help identify and address emerging issues.
Hiring expects and using tools that help improve Al systems will help in
ensuring these systems are ethical and

By focusing on these strategies, we can work towards creating Al systems that
are not only technologically advanced but also ethical, inclusive, and reflective of
the true diversity of society. This approach is essential for ensuring that Al
technologies contribute positively to all segments of society and do not
perpetuate existing biases and inequalities.



CCESSIBILITY IN Al: ENSURING INCLUSIVITY FOR ALL

Accessibility in Al is a critical yet often overlooked aspect of technology
development. As Al systems become increasingly integrated into daily life, it is
essential to ensure that these technologies are usable and beneficial for
everyone, including individuals living with disabilities.

The Current Accessibility Challenges in Al

Al systems frequently fail to address the diverse needs of users with disabilities.
Many technologies are designed with limited consideration for accessibility, which
can exclude individuals who rely on assistive technologies or who have unique
needs. For example:

e Visual Impairments: Al systems that rely on visual inputs or interfaces may not
be accessible to people who are blind or have low vision. This includes
technologies like image recognition and visual search tools, which may not
offer alternative text descriptions or auditory feedback.

* Hearing Impairments: Systems that depend on audio cues or voice commands
can be challenging for individuals who are deaf or hard of hearing. Without
visual or tactile alternatives, these users may struggle to interact with Al
systems effectively.

* Motor Disabilities: Al applications that require precise manual input or
complex gestures can be challenging for individuals with motor impairments.
Therefore, designing interfaces that accommodate various input methods,
such as voice commands or adaptive controllers, is essential for inclusivity.
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THE IMPORTANCE
OF INCLUSIVE DESIGN

Inclusive design practices aim to create Al systems that are accessible to all users,
regardless of their physical abilities or disabilities. This involves several key strategies:

e Developing Accessible Interfaces: Al systems should be designed with multiple
input and output options. For example, providing text-to-speech capabilities,
adjustable font sizes, and high-contrast visual modes can make Al applications
more accessible to users with visual impairments.

 Incorporating Assistive Technologies: Al systems should be compatible with
assistive technologies, such as screen readers, hearing aids, and alternative input
devices. Ensuring that these systems work seamlessly with existing assistive tools
can enhance usability for people with disabilities.

e User Testing with Diverse Groups: Conducting tests with individuals who are living
with disabilities offers valuable insights into how Al systems can be improved.
Ensuring that feedback is gathered from a diverse range of users is imperative in
helping identify accessibility issues and ensure that technologies meet a broad
spectrum of needs.

e Adhering to Accessibility Standards: Adhering to established standards of
accessibility, such as the Web Content Accessibility Guidelines (WCAG), is crucial
for developing Al systems that are inclusive and accessible to everyone. These
guidelines provide a clear framework to ensure that your system accommodates
diverse user needs, promoting usability for individuals of all abilities. By following
these standards, you create a more equitable and inclusive digital experience,
helping to eliminate barriers and enhance accessibility for all.

Addressing accessibility in Al is not just about meeting regulatory requirements or
avoiding legal risks; it is about creating technology that serves everyone equitably. By
prioritizing accessibility, Al developers can ensure that their systems are beneficial
and inclusive, allowing all users to fully engage with and benefit from technological
advancements. This approach not only fosters a more inclusive society but also
reflects the true diversity of the user base, ultimately leading to more innovative and
effective Al solutions.



If urgent steps are not taken by society to address the dangers of the
misuse of Al, then violence, discrimination, and systemic inequality will
likely be exacerbated by people who wish to cause harm. Governments
must implement Policies and regulations to hold those who abuse Al
accountable, but the responsibility does not stop there. Al developers
and creators equally must design systems that are ethical, transparent,

and resistant to exploitation. Failing to do so will undermine Al's positive

potential and deepen existing societal divides.




DEEPFAKE NON-CONSENSUAL

PORNOGRAPHY

Deepfakes have been disproportionately used to target women and girls, often
through non-consensual pornography. These Al-generated videos use a
person’s likeness, typically a woman’s, to superimpose their face onto
pornographic content without their consent. Celebrities, activists, and even
ordinary women and girls have been victimized, which not only leads to
personal and psychological harm but also tarnishes their reputations and
careers. The threat of deepfake porn is particularly severe for women in public-
facing roles, where such content can be used by society to discredit them, bully

them, or blackmail them.

The rise of deepfake technology has already caused significant harm to many,
and the potential for even greater damage looms, particularly for women in
conservative societies where strict gender norms and religious beliefs can lead
to devastating consequences. In communities that are unfamiliar with the
concept of deepfakes, women and girls are at serious risk of being disowned,
chased from their homes, or even killed if they are falsely portrayed in explicit
content. This danger is especially acute in places where honour and reputation

are paramount and where understanding of the technology is limited.

The tragic story of Mia Janin, a 14-year-old schoolgirl from the UK, highlights the
devastating psychological impact deepfakes can have. Mia was bullied after
her face was photoshopped onto explicit images and shared among her
classmates, eventually leading her to take her own life. This shows how
deepfake technology not only ruins reputations but can also lead to severe

emotional and physical harm.

Even high-profile celebrities like Taylor Swift and Megan Thee Stallion have
been victims of deepfake pornography, demonstrating that no one is immune
from its dangers. As this technology becomes more accessible, the threat it
poses to the most vulnerable is terrifying, making it urgent that strict measures

are put in place to curb its misuse before more lives are damaged or lost.
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WEAPONISATION OF DEEPFAKES
AGAINST MINORITY COMMUNITIES

Minority groups are also vulnerable to deepfake abuse. For example, racial
minorities may be subjected to videos where their faces are altered to promote
harmful stereotypes or engage in illegal or unethical behaviour. These
deepfakes can incite violence, spread hate speech, or perpetuate

discrimination. The misinformation created by deepfakes is a powerful tool in

hate campaigns against marginalized communities, including black people,
people of colour, LGBTQ+ individuals, and religious minorities, especially those
living in countries where homosexuality is criminalised. Fake videos or images
showing people in compromising situations could be used as tools for blackmail,

violence, legal persecution, or death, placing already vulnerable individuals at

further risk. \

Al can amplify the reach and intensity of cyber harassment, disproportionately ‘
affecting women and minority groups. Al-powered bots are already being used
to automate doxxing, where personal information is spread with malicious
intent, often to intimidate or silence victims. Minority women, activists, and

journalists are especially vulnerable, as their work often makes them targets of

orchestrated harassment campaigns aimed at silencing their voices.




This has contributed to a rise in hate speech against activists, as many apps
employ untrained Als that either fail to detect or do not prioritize addressing
safety concerns and gender-based violence (GBV). As a result, activists have
been forced to leave platforms like Facebook and X due to increasing
harassment, removing them from spaces where they advocate for their
communities and slowing down their critical work. Some platforms also
overlook online sexual harassment, even though they have the capability to
flag harmful behavior. This often happens because the Al systems responsible
for handling reports lack the necessary data to accurately detect and address
abuse. The situation is even worse in countries where abuse occurs in
languages other than English or other commonly trained languages, allowing
perpetrators to escape accountability simply because the Al cannot interpret
the language being used.

An example of the real-world consequences of Al's failure to address
misinformation and hate speech is the case of the Sistah Sistah Foundation in
Zambia. Following their annual Sexual and Gender-Based Violence (SGBV)
women’s march, members of the foundation were arrested as a result of a
wave of online misinformation and hate speech. The unchecked spread of
false narratives and vitriolic comments not only fueled public outrage but also
led to serious threats against activists and minority groups in the country. This
demonstrates how the failure of Al systems to curb online harassment can
escalate to physical harm and repression, particularly for those advocating for
social justice in already fragile environments.




Responsible Al Development: Ensuring

Fairness, Safety, and Accountability

Incorporate Ethical Al Design

Developers should embed ethical considerations into the Al's architecture,
focusing on fairness, transparency, and accountability. This means ensuring the
Al is designed with robust frameworks that prevent exploitation and harmful
outcomes, especially for vulnerable groups such as women, children, and

marginalized communities.

Bias Auditing and Data Quality

One of the most common sources of bias in Al is the data used to train it.
Developers should conduct regular audits to identify and mitigate biases in
training datasets, particularly those related to race, gender, and socio-
economic status. Datasets should be diverse, representative, and regularly

updated to minimize the risk of skewed outcomes.

Human-Centered Al Training

To prevent issues like deepfakes and algorithmic bias, Developers must train Al
systems on data that accounts for cultural nuances, regional contexts, and the
specific needs of minority groups. Developers should work with users and local
communities to ensure Al systems understand harmful behaviour in different

cultural and linguistic settings, helping them detect abuse more accurately.



Collaborative Partnerships with Experts

Al developers should collaborate with experts in ethics, law, human rights, and
social justice to identify potential harms early in the design process. Involving
psychologists, sociologists, and feminists can help developers better understand

the real-world implications of their technologies on vulnerable populations.

Implement Stronger Safeguards

Al systems need more sophisticated safeguarding standards to detect and
prevent the misuse of its systems, such as deepfakes or discriminatory algorithmic
decisions. Implementing mechanisms for real-time monitoring, flagging, and
removal of harmful content, while enhancing the ability to detect non-consensual

sexual material and hate speech, is essential.

Al Literacy and User Education:

Developers should provide users, especially those in vulnerable communities,
with clear information on how Al works, its limitations, and how they can protect
themselves. Educating the public about the potential risks and ethical concerns

surrounding Al empowers individuals to recognize and report abuses.

Language Inclusivity

Many Al systems, particularly those monitoring for abuse and hate speech, are
trained primarily on English or other dominant languages. Developers must
ensure Al models are trained across diverse languages, enabling the detection

of harmful content in all regions.

Regulation and Accountability

Developers should advocate for and comply with regulations that govern Al's
ethical use, including data privacy, transparency, and security. They should
support the creation of Al accountability frameworks, ensuring that Al misuse is

prevented, and offenders are held responsible.



CONCLUSION

The Feminist Ethics Al toolkit was developed to serve as a resource for Al
developers, offering guidance on assessing their systems for ethical
considerations and evaluating how their creations may impact society. It
was created to encourage reflection on the potential harm Al machines
could cause and provides a framework for understanding and addressing
the ethical challenges that often arise. While innovation and the
excitement of building groundbreaking technology can drive developers to

focus on achieving technical excellence, it is essential to step back and

recognize the profound responsibility of creating Al.




—)

REFERNCES


https://www.propublica.org/article/machine-bias-risk-assessments-incriminal-sentencing
https://www.propublica.org/article/machine-bias-risk-assessments-incriminal-sentencing
https://www.propublica.org/article/machine-bias-risk-assessments-incriminal-sentencing
https://www.ndtv.com/world-news/uk-teen-died-by-suicide-after-bullies-at-school-shared-her-fake-nudes-4927916
https://www.ndtv.com/world-news/uk-teen-died-by-suicide-after-bullies-at-school-shared-her-fake-nudes-4927916
https://www.ndtv.com/world-news/uk-teen-died-by-suicide-after-bullies-at-school-shared-her-fake-nudes-4927916
https://www.ndtv.com/world-news/uk-teen-died-by-suicide-after-bullies-at-school-shared-her-fake-nudes-4927916
https://www.brookings.edu/articles/ai-poses-disproportionate-risks-to-women/
https://www.brookings.edu/articles/ai-poses-disproportionate-risks-to-women/
https://www.brookings.edu/articles/ai-poses-disproportionate-risks-to-women/
https://www.ibm.com/topics/artificial-intelligence
https://www.ibm.com/topics/artificial-intelligence
https://arxiv.org/abs/2311.14700
https://academic.oup.com/book/55103/chapter/423909664
https://academic.oup.com/book/55103/chapter/423909664
https://journals.sagepub.com/doi/10.1177/20539517231221780
https://journals.sagepub.com/doi/10.1177/20539517231221780
https://link.springer.com/article/10.1007/s11023-020-09517-8
https://link.springer.com/article/10.1007/s11023-020-09517-8
https://arxiv.org/abs/2311.14700
https://www.ibm.com/topics/artificial-intelligence
https://www.ibm.com/topics/artificial-intelligence

" [N —


https://www.aeologic.com/blog/the-importance-of-evaluating-datasets-for-ai-development/
https://www.aeologic.com/blog/the-importance-of-evaluating-datasets-for-ai-development/
https://www.aeologic.com/blog/the-importance-of-evaluating-datasets-for-ai-development/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC8830968/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC8830968/
https://wjarr.com/
https://wjarr.com/

—
—
L
&
==
—
(L]
2,

ZAMBWE SHINGWELE

ANN K HOLLAND

HAZEL MALUNGA

TIZA CHISINDA




